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Abstract— Heart Rate variability (HRV) is a powerful 

noninvasive tool which can be used to detect the status of 

cardio-autonomic function. Its analysis gives information about 

the cardiac health status .HRV measures specifically nonlinear 

measures can be sued as predictors of mortality, hence can be 

used to prevent the mortality, for both cardiac and no cardiac 

diseased subjects. Because of its significance in this paper a 

review has been presented on HRV analysis methods and HRV 

association with various diseases. 

 

IndexTerms— Heart rate variability, Diseases, Depression, 

Thyroid, Nonlinear measures, Analysis 

I. INTRODUCTION 

Electrocardiogram (ECG) represents the electrical activity of 

the heart, consists of P, Q, R, S, T waves representing the 

polarization and depolarization activities of arteries and 

ventricles of heart. The ECG originates from the sinoatrial 

node (SA) which is a natural pacemaker present in the heart. 

The   ECG   is acquired by placing electrodes on the limbs of 

a subject considering the right leg as the reference. The 

morphology of ECG indicates the cardiac health status of the 

subject [1] the fine changes in the ECG cannot be   

significantly seen with our eyes. The biosignals exhibit 

nonlinear and non stationary in nature. [2]
..
 Cardiovascular 

system is a   non stationary system [3, 4] and nonlinear 

mechanism is believed to be involved in the Heart Rate (HR) 

dynamics [5]  

 

1.2 Heart Rate Variability (HRV) 

The Heart Rate (HR) refers to the variation in the beat to 

beat interval. The variation of the heart rate around a mean 

value is the Heart Rate Variability it reflects the functioning 

of cardio respiratory control system [6]. Heart Rate 

Variability (HRV) has been studied for several years with an 

increased interest in understanding its role and clinical utility 

in disease .Hon Lee (1965) was the first one to demonstrate 

the clinical significance of HRV for monitoring fetal distress 

[7].  HRV analysis based on   time domain methods was 

carried by measuring the RR intervals of diabetic subjects [8]   

The association among decreased HRV and increased risk of 

mortality after Myocardial infarction was demonstrated [9]. 

HRV is a vital and independent marker of mortality after 

Myocardial infarction [10].
 
Autonomic dysfunction is the 

major factor for cardiac diseases [11]. The faulty function of 

ANS is evaluated by observing the cardio-vascular autonomic 

regulation. Cardio-vasdular autonomic regulation  indicates 
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the interaction between sympathetic and parasympathetic 

activity in autonomic system function, and can be 

non-invasively assessed  using HRV.  [6]
.
  

 

1.3  HRV Analysis Methods and Evolution  

HRV analysis has become a powerful   tool   in cardiology, as 

they are based on noninvasive methods which are simple to 

compute also indicate information about  the heart disease 

patients [3,12,13].HRV analysis is carried out in three 

different methods namely Time domain method, Frequency 

domain method and nonlinear methods  [14]. HRV is found to 

depend on various factors like gender, age, respiration and 

health status[15]. Small Standard  deviation (STD) of RR 

intervals found were predictive of increased mortality in post 

infarction patients and  the source of arrhythmias is due to the 

abnormalities in Parasympathetic Nervous system (PNS), and 

Sympathetic Nervous System(SNS),Spectral analysis could 

be used to estimate them [16].Analysis of HRV using time 

domain methods is simple but it has a limitation of  

discriminating the sympathetic and parasympathetic 

contributions of HRV[4].Frequency domain analysis 

overcomes the limitation by   providing information about  

parasympathetic (High Frequency HF) and sympathetic (Low 

frequency LF) signals [16,4].Spectral analysis is the most 

popular linear techniques used in the analysis of HRV signals 

[17,18,19,4].
 

Spectral power in the HF band reflects 

respiratory sinus arrhythmias and LF reflects related to 

baro-receptors control and VLF power reflects related to 

thermo-regulatory and vascular mechanics related power [14, 

4]. Spectral analysis of HRV has been wide spread used both 

in physiological and clinical studies to investigate short term 

compensatory perturbations. Spectral analysis of HRV has 

been widely used to detect short time compensatory 

oscillations in the fields of physiological and clinical studies. 

Spectral analysis could be carried out using parametric 

methods or non-parametric methods [20,6].  

 

1.4   HRV Analysis of Diseases 

A general finding is that healthy biological systems tend to 
have chaotic dynamics while as diseased systems will have 

reduced dynamics. Most commonly Autonomic dysfunction 

is observed to exist in cardiac disorders or other diseases 

including myocardial infarction, syndrome of multiple organ 

dysfunction severe head and brain injuries and sepsis, [21].   

HRV indices are found to be high for Premature Ventricular 

Contraction (PVC), Sick Sinus Syndrome (SSS) Atrial 

Fibrillations, (AF) and low for Congestive Heart Block 

(CHB) Left Branch BundleBlock, (LBBB), Ischemic/ 

dialated  cardiomyopathy .[22] found HRV power spectrum 

for motion sickness.[23]proposed wavelet transforms based  

classification of life threatening cardiac arrhythmia.  
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    HRV is affected by the disorders of central and peripheral 

nervous system. Some disorders may independently affect 

HRV by modulating vagal and sympathetic fluctuations of 

HRV. In case of severe brain damage and depression the 

normal rhythm of HR is reduced.HRV may provide some 

information about the neurologic state of the subject. The 

significance of HRV analysis in psychiatric disorders   arise 

from the fact that one can easily detect a sympathovagal 

imbalance, if exists in such pathologies. The nonlinear 

dynamics will indicate warnings about the diseases all time of 

the day or during certain times of a day [6] 

    [24] used nonlinear measures such as DFA, Hurst exponent 

and ApEn   were used for  HRV analysis of Coronary Heart 

Disease (CHD)  subjects and found the changes in fractal 

properties of RR dynamics and concluded that HRV analysis 

using nonlinear measures gives independent information 

which cannot be detected with linear analysis 

techniques.[26]proposed nonlinear dynamic methods such as  

FD,1/f slope, ApEn and LE for the study of HRV in athletes  

and their results reflected  the possible association between 

nonlinear indices and autonomous regulation of 

cardiovascular function. HRV variations can be found 

significantly not only in cardiac disorders but also in many 

types of illness or disorders Cardiac autonomic dysfunction 

may result cardiac arrhythmias or sudden cardiac death. [2, 

25] applied nonlinear methods of analysis for clinical 

application in case of tiresome disease. 

HRV analysis is a powerful noninvasive tool to evaluate the 

autonomic nervous system further autonomic dysfunction 

resulted reduced in HRV for some disorders like diabetes 

mellitus and coronary artery disease. They proposed a new 

technique to search pattern repeatability in the time series data 

[15]. 

 

1.5 HRV Analysis of ANS Dysfunction 
 

Autonomic dysfunction is being recognized a major factor of 

cardiac diseases. [11]
 
Found autonomic dysfunction as a 

major factor of cardiac diseases. HRV analysis can be used to 

measure cardiovascular autonomic regulation   or asses the 

activities of the ANS noninvasively [4].It measures the 

interaction between sympathetic and parasympathetic activity 

in autonomic functioning. Frequency domain analysis 

provides for the separation of parasympathetic (HF) and 

sympathetic (LF) signals. Spectral power in the HF band 

reflects respiratory sinus arrhythmias, lf related to 

baroreceptors control and VLF power appears to be related to 

thermoregulatory and vascular mechanics [14,4]
 

 

1.6 HRV Analysis of   Thyroid 
 

The heart and peripheral vascular system gets directly or 

indirectly effected by thyroid due to changes in ANS. [27] 

[28] carried Power spectral analysis of HR for hypothyroid 

subjects.[29]observed autonomic dysfunction in Hypothyroid 

patients with higher level of vagal tone.[30] Estimated the 

correlation of autonomic indices as a function of the thyroid 

status for young females. The outcome is that no significant 

difference in the case of hypo and hyper thyroid cases and 

further negative correlation n for t3 and t4 and positive 

correlation for TSH was observed.. The change in the status 

of thyroid has effect on the metabolism of some amines in the 

brain. Indicating reduced parasympathetic activity with 

increased t3 and t4. According to Bernadette Biondi et.al 

(2004) Cardiovascular system is the victim of thyroid 

harmone, the cardiovascular system responds for more or 

reduced levels of thyroid hormone at the tissue level. Through 

genomic and non genomic functional effects T3 shows its 

impact on heart and vascular; its influence is reflected in the 

cardiac performance.  

The changes in autonomic regulation of cardiovascular 

system and changes in cardiovascular system itself are found 

to be associated with thyroid dysfunction. Thyroid hormone 

dysfunction can result rise in blood pressure and may lead to 

arterial hyper tension [31]. [32] Performed nonlinear analysis 

of hypothyroid subjects using CD and found the value of CD 

to be 5.02 for hypothyroid subject as compared to 6.42 of 

healthy subject. Reduced CD indicated the reduced tolerance 

to cardiovascular stress Impact of hypothyroidism on 

autonomic regulation of cardiovascular system  was evaluated 

by[33] by  analyzing the influence of both Sympathetic and 

parasympathetic nervous system on heart. BP and Heart Rate 

restored to normal with thyroxine replacement[33]. [34] 

Evaluated the relationship of   Thyroid hormones with HRV 

using power spectral analysis and found the sympatho vagal 

balance with ECG recordings of 5minute. It was   found that 

changes in the serum levels effect the ANS regulations for 

hyperthyroid subjects  

 

 1.7 HRV Analysis of Depression 

 

The ANS disregulation is a risk factor for  cardiovascular 

mortality HRV analysis gives information about the ANS in 

various diseases.HRV methods are used to quantify ANS 

dysfunction linked with psychiatric disorders especially in 

depression, anxiety and schizophrenia Established results say 

that ANS dysfunction are associated with depression. Which 

has  risk of cardiac diseases [35] 

     Researchers have established the link between 

Depression and ANS dysfunction. Studies of Epidemiology 

showed depression as an independent risk of cardiovascular 
morbidity and mortality. HRV and its measures of   Cardiac 

disease subjects with depression   and subjects with 

depression alone are   smaller [36,37,38]. Depression is 

linked with increased rates of cardiovascular morbidity and 

mortality,  may be due to increased risk of coronary artery 

disease and myocardial infarction. Cardiac autonomic 

innervation  of the brain are measured by HRV. It is proposed 

that  a reduction in parasympathetic innervation allows 

unopposed stimulation by sympathetic nerves which may 

result in arrhythmias and death. This chronic sympathetic 

stimulation is also noted in Heart transplant subjects with  

severe neuropathy and also in major depression . Major 

depression disorder is reported to be associated with 

increased cardiovascular morbidity and mortality [39]. The 

subjects with major depression were   diagnosed using 

frequency domain methods, time domain and also with 

nonlinear measures such as correlation dimension. Major 

depression disorder is reported to be associated with 

increased cardiovascular morbidity and mortality. The 

subjects with major depression were   diagnosed using 

frequency domain methods, time domain and with nonlinear 

measures such as correlation dimension. HRV varies as a 

function of illness severity [6, 39, 40,  41]. 

 
1.8 HRV Analysis of Arrhythmias 
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HRV analysis proved to provide hidden information which is 

having clinical significance with respect to  the health of the 

system producing the dynamics. HRV varies as a function of 

illness severity 60].Calculation   of complexity of HRV time 

series data.[42]Used nonlinear HRV and Plethismogram  

analysis for  normal and cardiovascular abnormal subjects. 

The measures used are DFA and RQA. 

[43] Compared performance of non-linear indices in HRV 

analysis.  They compared the robustness of non-linear indices 

and evaluated their applicability to HRV in presence of   noise 

[44] showed the feature set extension for HRV analysis by 

using non-linear, statistical and geometric measures [45] 

performed non-linear analysis of HRV signal for 

characterization of cardiac heart failure patient to detect 

physiological and pathological states clearly using DFA, 

Higuchi Exponent, ApEn, SampEn and MSE.  They proposed 

new regulating index Gaussian Entropy by modifying ApEn 

and Sample  

Nonlinear parameters like correlation Dimension (CD) are 

used for pathological signals and they are useful indicators of 

pathologies.CD is one of the most widely used measure of 

FD.CD is estimated using the Grass Berger algorithm 

proposed by [46]. [47] CD and LE gave information about 

ANS process. [48] Proposed modified GrassBerger algorithm 

to find CD. Also proposed methods for the selection of 

parameters for calculation of CD and   characterized HRV 

using CD   of Hypertension group. CD value of   Hypertension 

group is lower as compared to normal group. [49] applied CD 

for the HRV analysis of Healthy and Morbid group and found 

CD of Morbid group is less than the healthy group. [50] 

applied  DFA and spectral analysis for HRV in Sleep and 

sleep Apnea. Spectral analysis was suitable for identification 

of cyclical variations and DFA can analyse scaling behavior 

and detect long range correlations. LF/HF increased for sleep 

and reduced with sleep Apnea. Changes in HRV are better 

quantified by scaling analysis than by spectral analysis [6].  

 [48] Characterised  HRV using Correlation dimension(CD) 

of healthy and hypertension subjects and found that CD 

values of healthy subjects were more compared to 

hypertension subjects. [4]studied the nonlinear HRV 

measures for subjects in the age group of 5-70 and found that 

nonlinear measures of  HRV reduced with age.[49] compared 

HRV of healthy subjects with morbid group using CD  and 

found that CD values of Morbid group were less as compared 

to Healthy subjects. [50] Applied DFA and spectral analysis 

for HRV in Sleep and sleep Apnea.  

HRV indexes have been used to study  to cardiac diseases, 

renal failure , heart failure , diabetes , stroke , Alzheimer's 

disease , leukemia , obstructive sleep apnea , epilepsy, 

headache [6,51].[52] have evaluated and quantified nonlinear 

dynamic changes based on chaos theory  for the analysis of 

heart failure subjects using  FD, DFA and ApEn  The 

observation of the study revealed lower ApEn   and higher FD 

for heart failure patients. 

 

 

 

1.9 Non Linear Methods and Applications  

The traditional indices of HRV cannot  detect the fine changes 

in the Heart Rate(HR) as the cardiovascular system is non 

stationary system [3,4] and nonlinear mechanism is believed 

to be involved in the HR dynamics[5]further  cardiovascular 

system needs to be treated as a nonlinear system rather than a 

simple linear for better understanding of the system dynamics. 

Hence the variations in HRV gives information about the 

present disease and warnings about the hidden disease 

[53,4)].The cardiovascular system is too complex to be linear 

and treating it as nonlinear system can lead to better 

understanding of the system dynamics. Conventional methods 

of linear analysis failed to give full information about the 

HRV because of the nonlinear origin of HRV [54]. [55] 

Observed the difficulty to identify the physiological process 

based on the measured time series particularly in identifying 

nonlinear stochastic process and chaotic processes .Hence it 

is required to get information about positive Lyapunov 

Exponent (LE), non integer Correlation Dimension (CD) and 

nonlinearity. Consideration of both linear and nonlinear 

properties may improve diagnostic   classification 

[56]proposed nonlinear techniques for arrhythmia detection 

using the ECG signal.[57]applied Largest Lyapunov 

exponent for the short term data analysis, [ 58] used nonlinear 

dynamics modeling in ECG arrhythmia detection and 

classification. [59] Classified arrhythmias into six classes 

using AR modeling.  The classification of biological signals 

based on nonlinear features of HRV was done by [60].They 

used combination of linear and nonlinear features for the 

classification of heart rhythms. The linear features used were   

SDNN,RMSSD,PNN20 and HRV Triangular index and 

nonlinear features  were spatial filling index, 

The HRV analysis is based on the concept that fast 

fluctuations may specifically reflect changes of sympathetic 

activity and vagal activity and may contain indicators of 

current behavior or even warnings about impending diseases 

according to. [53] Adopted Detrended Fluctuation Analysis 

(DFA) method for the tiresome diagnosis. [24]   used 

nonlinear measures such as DFA ,Hurst exponent and ApEn   

DFA could be used quantitatively and qualitatively to study 

HRV towards tiresome diagnosis.  HR signals for 

classification of cardiac abnormalities into eight classes by 

extracting [4]. Spectral entropy, Poincare plot geometry and 

Largest Lyapunov Exponent (LLE) from HR signals for the 

classification using neural network and fuzzy classifiers. They 

concluded that HR signals can be used as reliable indicators 

of heart diseases .The demerit of LLE is that it cannot be used 

for short and noisy data Pincus introduced ApEn as a solution 

to apply it to relatively short and noisy data. The length of the 

data must of 10
m 

-30
m 

where „m‟ is the embedding dimension 

[61, 62, 63 ].
. 
There exists inherent bias with ApEn calculation 

to make the entropy
 .
independent of data length and bias is 

Sample Entropy(SampEn)In theory SampEn does not depend 

on N for N<200. where N is the length of the data. When N 

and r are large SampEn and ApEn are same [64].To estimate 

the behavior of HRV data in terms of complexity and 

regularity Multi Scale Entropy (MSE) is used [65] .  

Nonlinear indices such as compression entropy (CE),DFA, 

and symbolic dynamics (SD)  and standard linear analysis are 

applied for 24hr Holter  ECG  to investigate which of these 

indices enhance risk prediction in case of CHF subjects. The 

nonlinear indices with clinical information gave more risk 

stratification [66].[67] evaluated and quantified nonlinear 

dynamic changes based on chaos theory and applied Fractal 

dimension(FD),DFA and ApEn  for the analysis of heart 

failure patients. Their study revealed lower ApEn   and higher 
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FD for heart failure patients. [68]
 
Applied Power law slope, 

the short term fractal scaling exponent and measures based on 

Poincaré  plots in cardiac patients. [25] Showed application of 

DFA as both quantitative and qualitative tool for HRV 

analysis.[69] applied ApEn and SampEn for the calculation of 

complexity  of HRV time series data.   

[48] characterised HRV using Correlation dimension(CD) 

of healthy and hypertension subjects and found that CD 

values of healthy subjects were more compared to 

hypertension subjects. [4] studied the nonlinear HRV 

measures for subjects in the age group of 5-70 and found that 

nonlinear measures of HRV reduced with age.[49] compared 

HRV of healthy subjects with morbid group using CD  and 

found that CD values of Morbid group were less as compared 

to Healthy subjects. Spectral analysis for HRV in Sleep and 

sleep Apnea was performed using DFA[52].[46] have 

evaluated and quantified nonlinear dynamic changes based on 

chaos theory and applied FD, DFA and ApEn  for the analysis 

of heart failure patients. Their study revealed lower ApEn   

and  higher FD for heart failure patients. 
 

1.10. Conclusions 

 

 Taking inspirations from previous studies that used   

techniques to quantify HRV and that demonstrated the hidden 

coupling between HRV and illness, Association of HRV with 

Non cardiac diseases can be considered for analysis. Further, 

the best suitable method in diagnosing effect of Thyroid, and 

Depression on ANS using nonlinear techniques is not 

reported in the literature. It may be proposed to find the best 

suitable nonlinear method in diagnosing Thyroid and 

Depression by exploring all the nonlinear techniques. Further 

the work may be extended to any other disease. 

 

REFERENCES. 
[1] Sokolov M Mcliroy  ,MB Chiten  ,MD Vilange “Medical book  

Clinical Cardiology” 1990 

[2] Chua Kuang chua,Vinod Chandran,Rajendra U.Acharya and Lim 

Choo Min”Cardiac health  diagnosis using Higher order spectra and 

support vector machine “ open Med Information J 

2009,3:1-8februavary 2009 

[3] Kleiger RE,Stein PK, Bosner MS,Rottman JN,Time domain 

measurement of heart rate variability,cardiol Clin,1992,.10:487-497 

[4] Acharya UR,Kumar A,Bhat PS classification of cardiac abnormalities  

using heart rate signals.Med.Bio.Eng Comp 2004: 42(3);288-9 

[4a]  Acharya UR, Kannathal N, Krishnan SM “ Comprehensiveanalysis of 

cardiac health using heart rate signals”.Physiol Meas J 

25:1130–1151,2004  

[4b] Oliver Faust,Rajendra acharya u,sm Krishnan and limchoo 

min”Analysis of cardiac signals using spatial filling index and 

time-frequency domain” BioMedical Engineering OnLine 3:30,2004 

[4c]. Rajendra Acharya U.R,KannathalN,SengOW,Ping LY,Chua T “Heart 

rate analysis in normal subjects of various age groups” ,Biomedical  

online journal ,USA,3(24)pp1-8,2004 

[4d] Acharya UR,Kannathaln,Krishnan SM” Comprehensive Analysis Of 

Cardiac Heath Using Heart Rate Signals‟” Physiol Meas 

J25:1130-1151(2004) 

[5] Goldberger AL,West BJ” Applications of nonlinear dynamics to 

clinical cardiology”Ann.NY.Acad Sci 504;pp195-213,1987 

[6] U.Rajendra Acharya ,paul joseph .k,kannathal n,lim 

CM,SuriJS,l”Heart rate Variability :a review” 

Med.Bio.Eng.Comput,2006 

[7] Hon EH, Lee ST.” Electronic evaluations of the fetal heart rate patterns 

preceding fetal  death , further observations‟, Am. J. Obstet  Gynec,  

87:pp 814-26, 1965. 

[8] Wolf MM, Varigos GA, Hunt D, Sloman JG.” Sinus arrhythmia in 

acute     yocardial infarction”. Med J Aust.; 2:pp52-53, 1978 

[9] Kleiger RE, Miller JP, Bigger JT Jr, Moss AJ. Decreased heart rate 

variability and its association with increased mortality after acute 

myocardial infarction. Multicenter Post-Infarction Research Group. 

Am J Cardiol. 1987; 59:256-62. 

[10] Keesam Jeong,Jeongwhan Lee,Kunsoo Shin,Juhn Ahn,Joongson 

Chon,Myoungho Lee “Astudy of relationship between heart rate 

variabilities and autonomic balance during head –up tilt”Proceedings 

of 19thInternationalConference-IEEE/EMBS,Nov1997,Chicago 

Usa,pp282-285 

[11] David LD, Billon N, Costagliola D, Jaillon P, Funck-Brentano C. 

reproducibility of noninvasive measurement and of short-term 

variability of blood pressure and heart rate in healthy volunteers. Br J 

Clin Pharmac 38: 109-115.1994 

[12] Huikuri HV. Heart rate variability in coronary artery disease. J Int Med 

237: 349-357.1995 

[13] Task Force of the European Society of Cardiology and North American 

Society of Pacing and electrophysiology. Heart Rate Variability: 

Standards of measurement, physiological interpretation and clinical 

use. Eur Heart J. 1996;17:354–81Taskforce1996 

[14] B.W Hyndman, Zeelenberg C, “spectral analysis of heart rate 

variability revisited: comparison of methods”, proceedings of 

computers in cardiology, pp,719-722, 1993 

[15] Akselrod S, Gordon D, Ubel F.A, Shanon .D.C, Barger .A.C ,Cohen 

R.J, ”Power spectrum analysis of heart rate fluctuation a quantitative 

probe of beat to beat “cardiovascular control 

science,1981,213:pp220-22 

[16] WeiseF,HeydenreichF,KropfS,KrellD(1990)Intercorrelation heart rate 

variability and respiration in humanvolun21:17–24 

[17] Pomeranz B, Macaulay RJB, Caudill MA, Kutz I,Adam D,Kilborn 

KM,Barger AC,Shanon DC, Cohen RJ, Benson H “Assesment of 

autonomic function in humans by heart rate spectral analsis‟,Ann 

J.Physiol 248:ppH151-153, 1995 

[18] M.F.Hilton ,JM Beattie,MJ Chappell,RA Bates Heart rate variability 

measurement error or chaos‟computersincardiology, vol24,pp125-128, 

1997 

[19] Yi Gang, and Marek Malik”Heart Rate Variability Analysis in General 

Medicine” Indian Pacing and Electrophysiology Journal (ISSN 

0972-6292), 3(1): 34-40 ,2003 

[20] Hirohisa Mizato,Isao Takenchi,Osamu Tsuda,Kazuo Yana And 

Takeshi Goto‟ Changesbin the heart rate variability and 

electrogastrogram due to the motion sickness‟ proceedings of 18th 

International Conference of the IEEE Engineering  in Medicine and 

biology society, Amsterdam, ,pp1636-1637, 1996 

[21]  Khadra AS,AI Fahoum and H.AI- Nashash,”Detection of life 

threatening cardiac arrhythmias using wavelet transformation‟ 

Medical and Biological Engineering and computing ,vol 

35,pp626-632,1997. 

[22]  G. Krstacic ”Non linear Analysis of Heart Rate  Variability in Patients 

with Coronary Heart Disease” Computers in Cardiology 

2002,29:673-675 

[23] Gley Kheder, Abdennaceur Kachouri, Mouhamed Ben Messouad, 

Mounir Samet “Application of a nonlinear dynamic method in the 

analysis of the HRV (Heart Rate Variability) towards clinical 

application : Tiresome diagnosis”  IEEE   proceeding, pp 177-182, 

2006 

[24] A E Aubert, F Beckers, B Seps  “Non-linear Dynamics of Heart Rate    

Variability in Athletes: Effect of Training” Computers in Cardiology, 

IEEEproceeding, pp 441-444,2002   

[25] Klein J.Ojama K”Thyroid hormone and bloodpressure  regulation in 

hypertension ;pathology ,diagnosis and 

management(2nded)editedbyLaraghJHBrenneBM,Newyork,1995Rave

n,p2247-2262 

[26] Xing H.Shen Y.Chen H Wang Y Shen W „Heart rate variability andits 

response to thyroxine replacement therapy in patients with 

hypothyroidism”chin med J (Engl),114(9)pp:906-8,2001 

[27] Sujata Gautam, O. P. Tandon, R. Awashi,T. Sekhri and s. S. Sircar” 

Correlation of autonomic   indices with thyroid status”, Indian J 

Physiol Pharmacol 47(2) pp164-170, 2003; 

[28] Bhat.A.N.,Kalsotra.L,Yograj.S”Autonomicreactivitywithalteredthyroi

dstatus”J.K.Sci,8,pp70-74,2007 

[29] Jinlong Chen,Yin Jiun Tseng,Hung Wen Chiu,Tzu Chien  Hsiao And 

Woei Chyn Chu „Nonlinear analysis of heart 

ratedynamicsinhyperthyroidisism‟2007,PhysiolMeas.vol28,no. 

4‟427-33 



 

International Journal of Soft Computing and Engineering (IJSCE) 

ISSN: 2231-2307, Volume-2, Issue-3, July 2012   

 

90 

[30] VijayaLakshmi,N.Vaney and S.V.Madhu”Effect of Thyroxine 

Therapy on Autonomic Status in Hypothyroid 

patients”IndianJ.PhysiolPharmacol ,53(3):219-226,2009 

[31] RasselKabir,Noorzahan Begum,Sultana Ferdous,Shelina 

Begum,Taskina Ali‟Relation ship of Thyroid Hormones with Heart 

Rate Variability‟Journal of Bangladesh Society of 

Physiologist,vol5,no.1,pp20-26,2010 

[32] Albert C Yang,Chen Jee Hong,Shih Jen Tsai,‟Heart 

RateVariabilityinPsychriaticDisorders‟TaiwaneseJournalofPsychiatry 

(Tapei)vol 24,no.2,2010 pp99-109 

[33] RooseSP”Depression,anxiety,andthecardiovascularsystem;thepsychiat

rist‟sperspective”J.Clin.Psychiatry,6298);pp19-22,2001 

[34] Gehi A,ManganoD,PipkinS,BrownerWS,Whooley MA: Depression 

and heart rate variabilityin patients with stable coronary heart disease: 

fi ndings from the Heart and Soul Study. Arch GenPsychiatry 

2005;62:661-6. 

[35] Yeragani VK  ”Major depression and long term heart period 

variability‟Depress Anxiety 12:pp51-52,2000 

[36] KernelSayer,HuseyinGulec,MustafaGokce,IsmailAK“Heartratevariabil

ityinDepressedPatients”BulletinClinical 

Psychophamacology2002,vol12,N:3,pp 130-133 

[37] Cheng LI, Da-Kan Tang, Da-An. Zheng, Guang-Hong Ding, Chi-Sang 

poon, Guo-Qiang WU “Comparison of Nonlinear Indices in Analyses 

of Heart Rate Variability” 30th Annual International IEEE EMBS 

Conference Vancouver, British Columbia, Canada, August 20-24, 

2008, pp 2145-2148. 

[38] Alan Jovic, Nikola Bogunovic “Feature Set Extension for Heart Rate 

Variability Analysis by Using Non-linear, Statistical and Geometric 

Measures”  Proceedings of the ITI 2009 31st Int. Conf. on Information 

Technology Interfaces, June 22-25, pp 35-40, 2009   

[39] M.G. Signorini, M. Ferrario, M. Marchetti, A. Marseglia “Nonlinear 

analysis of Heart Rate Variability signal for the characterization of 

Cardiac Heart Failure patients” Proceedings of the 28th IEEE EMBS 

Annual International Conference New York City, USA, Aug  2006, pp 

3431-3434 

[40] P.Grassberger and Procaccia “Measuring the strangeness of strange 

attractors”, Physica D,1983, 9: pp189-208 

[41] D.Hoyer, K.Schmidt, R.Bauer, U.Zwiener, M.Kohler, B.L uthke, 

M.Eiselt “Nonlinear analysis of heart rate and respiratory 

dynamics‟IEEE  Eng.Med.Bio.Mag,1997,vol 16(1):pp31-39,1997   

[42] Xiaobo Miao.et.al” Heart rate variability characterization 

usingCorrelationDimension”2002,IEEE proceedings 

[43] Z.iafuzhu.WeiHe and Hao Yang “Comparitive analysisof heart rate 

variability between morbid group based on Correlation Dimension” 

IEEE,2008, 978-4244-,pp2252-2255  

[44] T.Penzaletal is heart rate variability the simple solution to     diagnose 

sleep apnoea? Eur Respir J 2003; 22: pp870–871, 

[45] Luiz Carlos Marques Vanderlei, Carlo Marcelo Pastre, Rosangela 

Akemi Hoshi,Tatiana Dias de Carvalho,Moacir Fernandes de Godoy” 

Basic notions of heart rate variability and its clinical applicability” 

Rev.Bra Cir Cardiovasc,2009, vol 24(2),pp1-31 

[46] G Krstacic, D Gamberger, A Krstacic, T Smuc, D Milicic” The Chaos 

Theory and Non-linear Dynamics in Heart Rate Variability in 

Patientswith Heart Failure‟ Computers in cardiology 

2008,35:pp957-959 

[47] D.Hoyer, K.Schmidt, R.Bauer, U.Zwiener, M.Kohler, B.L uthke, 

M.Eiselt “Nonlinear analysis of heart rate and respiratory 

dynamics‟IEEE  Eng.Med.Bio.Mag,1997,vol 16(1):pp31-39,1997   

[48] Sun .Y, Chan, K.L, Krishnan.SM “Arrhythmia detection and 

recognition in ECG  signals using nonlinear techniques”, Ann. 

Biomed.Eng,2000,28:pp5-3728 

[49] Rosenstein M,Colins JJ, De Luca CJ ” A practical method for 

calculating   largest lyapunov exponent from small data sets”, Physica 

D,1993,65 :pp117-134 

[50] Dingfei GE, Narayana Srinivasan, Shankar M. Krishnan, ”Cardiac  

arrhythmia classification using autoregressive modeling”, Biomedical 

Engineering online, 2002,pp1:5 

[51] Alan Jovic, Nikola Bogunovic “Feature Set Extension for Heart Rate 

Variability Analysis by Using Non-linear, Statistical and Geometric 

Measures” Proceedings of the ITI 2009 31st Int. Conf. on Information 

Technology Interfaces, June 2009,  pp 35-40. 

[52] Pincus SM: Approximate Entropy as a Measure of System 

Complexity. Proc Natl Acad Sci USA,1991, 88:pp2297-2301 

[53] Pincus SM,Vidcarello RR “Approximate entropy a regularity measure 

for heart rate analysis”Obstet.Gynecol‟1992,79:pp249-55 

[54] Pincus SM, Goldberger AL: Physiological Time-Series Analysis: What 

Does Regularity Quantify? Am J Physiol ,1994, 266:pp1643-1656 

[55] J. S. Richman and J. R. Moorman “Physiological time-series analysis 

using approximate entropy and sample entropy,” Am. J. Physiol. Heart 

Circ. Physiol.2000, vol. 278, pp.2039–2049 

[56] M. Costa, Ary .I ,Goldberger ,K.Peng “Multiscale entropy analysisof 

biological signals,” Phys. Rev. E,2005, 71: 021 906, pp:1-18.  

[57] Voss et.al(2008 A Voss, R Schroeder, M Vallverdu, I Cygankiewicz, R 

Vazquez, A Bayes de Luna, P Caminal “Linear and Nonlinear Heart 

Rate Variability Risk Stratification in Heart Failure Patients” 

Computers in Cardiology 2008;35, pp 557−560 

[58] G.Krstacic ,D.Gamberger,A.Krstacic,T.Smuc,D.Millicic “The chaos 

and nonlinear dynamics in Heart Rate Variability in patients with 

Heart Failure “Computers in cardiology ,2008,35:pp957-959. 

[59] PhyllisK.SteinandAnandReddy”NonLinearHeartRateVariability and 

Risk Stratificationn Cardiovascular Disease” Indian Pacing and 

Electrophysiology Journal ,2005, 5(3): pp210-220  

[60] Saif Ahmed,Anjali Tejuja,Kimberely D.Newman,Ryan 

Zharichanski,Andrew JE seely“A review and analysis  of heart rate 

variability and the diagnosis and prognosis of 

infection”Crit.care2009,13(6):232 

 


